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Abstract 
As artificial intelligence (AI) systems prove their utility in various aspects of daily life, their potential risk to societal 
progress is still debated given the increasing rates of their discriminatory behaviors. Some preliminary evidence suggests 
that the same discriminatory behavior may be perceived differently when performed by a person or an AI system, yet it 
remains largely unknown how people perceive and respond to AI’s discriminatory behaviors. Through two studies 
conducted in Türkiye (Study 1) and the United States (Study 2), participants read about either AI’s discrimination against 
women, humans’ discrimination against women, or an unrelated topic, and indicated the degree of perceived threat to 
women, willingness to participate in collective action for women’s equal treatment, and their attitudes toward women and 
feminists. In both cultures, discrimination was perceived to be less threatening to women when committed by AI compared 
to a human, yet collective action intentions and attitudes toward women and feminists did not differ across conditions. 
Notably, American men consistently reported less favorable attitudes toward women after reading about discrimination. 
These findings suggest discrimination by AI requires special attention and underline the importance of investigating the 
influence of technologies on sustaining intergroup inequality. 
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1. Introduction 

Recent technological advancements have led artificial 
intelligence (AI) tools to be available for the use of the 
general public. AI tools can perform a wide range of 
tasks, from writing elaborate essays to create workout 
routines and giving relationship advice. Considering 
the availability and popularity of AI technologies, the 
ethical implications of interacting with AI systems, as 
well as the potential risks of incorporating them into our 
lives, have become a central topic of debate (e.g., 
Darling, 2012, 2015). While AI technologies have the 
potential to reduce social inequality by providing 
affordable tools to perform tasks that are otherwise 
challenging for disadvantaged groups, they can also 
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exacerbate inequality in various ways, particularly by 
discriminating against already disadvantaged 
populations.  
Technologies often make seemingly avoidable 
mistakes or errors, ranging from technical errors to 
social norm violations (Giuliani et al., 2015; Tian & 
Oviatt, 2021). Discrimination – the inappropriate and 
unfair negative treatment of others based on their group 
identities (Allport, 1954; Dovidio et al., 2010) – is one 
of such behaviors that AI systems occasionally display 
based on the user’s characteristics or the input they give 
to the AI. One explanation for AI discrimination is 
algorithmic bias, which arises when algorithms are 
trained on data that reflect existing social biases (Danks 
& London, 2017). Such biases may be encoded 
intentionally by developers or emerge unintentionally 
from exclusionary datasets that overrepresent Western, 
White, and male populations (Bender et al., 2021; Hall 
& Ellis, 2023). Because algorithms tend to 
overgeneralize patterns in available data, they can 
produce biased inferences – such as underestimating 
women’s suitability for STEM roles or using postcodes 
as proxies for race in crime-risk assessments – thereby 
reinforcing existing inequalities even when datasets 
appear neutral (Dastin, 2018; Allen & Masters, 2020) 
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and disproportionately impacting disadvantaged groups 
such as women, racial/ethnic minorities, and sexual 
minorities (e.g., Ferrara, 2023). While perceiving 
discrimination can adversely affect targets by reducing 
their well-being (e.g., Bagci et al., 2020), and damaging 
their physical and mental health (e.g., Borrell et al., 
2007; Landrine & Klonoff, 1996; Pascoe & Smart 
Richman, 2009; Schmitt et al., 2014; Williams et al., 
2003), exposure to AI discrimination may also shape 
both disadvantaged and advantaged group members’ 
willingness to take action against such unfair treatment. 
The current studies investigate this assumption and test 
the implications of AI discrimination (compared to 
human discrimination) for advantaged and 
disadvantaged group members’ evaluation of the target 
group and the extent at which they are willing to fight 
for disadvantaged groups’ rights.  
A first step to understand reactions to AI discrimination 
is to understand how group members respond to 
discrimination experiences across status, irrespective of 
the source. One robust finding is that advantaged and 
disadvantaged groups perceive discrimination and 
group-based inequality differently (e.g., Knowles & 
Lowery, 2012). Due to power imbalances and structural 
limitations, disadvantaged or low-status groups are 
more frequently stigmatized and discriminated against 
(e.g., Link & Phelan, 2001) and the perception of 
discrimination is often a more internal, uncontrollable, 
and chronic social experience (Schmitt et al., 2002). In 
contrast, advantaged groups are less likely to perceive 
discrimination compared to disadvantaged groups, and 
they are less likely to challenge the status quo (e.g., 
Brown et al., 2022; Caricati & Owuamalam, 2020; 
Lowery et al., 2007; Sidanius & Pratto, 1999), and may 
even engage in collective action that aim to maintain 
the existing system favoring group-based inequality 
(e.g., Guvensoy et al., 2025; Osborne et al., 2019). 
Among disadvantaged group members, seeking social 
change through collective action is one of the most 
effective responses to inequality (Ellemers et al., 1990; 
Wright et al., 1990). Collective action research suggests 
that there are many drivers of collective action 
behaviors, but one of the main motivations is perceived 
injustice and discrimination, often fueling the emotion 
of anger among disadvantaged group members (e.g., 
Van Zomeren et al., 2008). Indeed, research shows that 
people’s recognition of group-based disadvantages 
drives people to challenge discrimination (Ellemers & 
Barreto, 2009; Wright et al., 1990; Wright & Tropp, 
2002). For example, Uluğ and colleagues (2023) 
demonstrated that women who have witnessed gender 
discrimination through an experimental procedure were 
more willing to engage in collective action for gender 
equality. Thus, exposure to discrimination targeting 
one’s own disadvantaged group is likely to increase 
disadvantaged group members’ collective action 
intentions. 

Moreover, both theoretical and empirical work suggests 
that perceiving discrimination or similar experiences of 
devaluation or exclusion targeting the ingroup may lead 
disadvantaged group members to identify with their 
ingroup more, thereby protecting themselves from the 
adverse effects of discrimination (Branscombe et al., 
1999). Findings suggest that identifying with one’s 
ingroup after perceiving group-based prejudice and 
discrimination may lead disadvantaged groups to 
evaluate their ingroup more positively (Dion & Earn, 
1975). Thus, exposure to AI’s discrimination against 
disadvantaged groups may potentially improve 
disadvantaged group members’ attitudes toward the 
targeted group and their advocates (e.g., political 
groups such as feminists) and increase their willingness 
to engage in collective action for their equal treatment. 
In contrast to disadvantaged groups, advantaged group 
members may either support equality struggles as allies 
or resist them to preserve the status quo (Kutlaca et al., 
2022; Flood et al., 2021). Collective action research has 
traditionally portrayed advantaged groups as less 
supportive of equality, largely because they are 
motivated to maintain their privileges and perceive 
social change as a zero-sum loss (e.g., Sidanius & 
Pratto, 1999; Caricati & Owuamalam, 2020; Brown et 
al., 2022). Accordingly, advantaged groups are less 
likely to recognize discrimination against 
disadvantaged groups and may deny inequality when 
confronted with their own privilege (Knowles & 
Lowery, 2012; Phillips & Lowery, 2015), a pattern 
illustrated by findings showing that men and White 
individuals are less likely to view gender and racial 
inequalities as unjust (Miron et al., 2011).  
Nevertheless, advantaged group members are also 
likely to respond to discrimination targeting 
disadvantaged group members in various ways. For 
example, research demonstrates that advantaged groups 
who perceive other groups as relatively deprived are 
more likely to support pro-equality policies and 
affirmative actions that help the disadvantaged (e.g., 
Mazzuca et al., 2022; Tougas & Veilleux, 1990; 
Veilleux & Tougas, 1989). Previous research has 
shown evidence that exposure to disadvantaged group 
members’ discrimination may lead advantaged group 
members to display more positive attitudes toward the 
discriminated outgroup (Bagci et al., 2017) and greater 
motivation to engage in collective action supporting 
intergroup equality (Uluğ & Tropp, 2021), in the 
context of ethnic and racial relationships. Notably, 
some findings indicate that inequality, historical 
mistreatment, and conflict with disadvantaged groups 
can lead advantaged groups to feel more positively 
about the disadvantaged and reprimand their 
mistreatment, due to feelings such as guilt and shame 
(e.g., Allpress et al., 2010, 2014; Brown & Cehajic, 
2008; Swim & Miller, 1999). Thus, it could be expected 
that advantaged groups would feel more positively 
about disadvantaged groups and their advocates, and 
would be more likely to engage in collective action 



When AI is sexist...  Je-LKS, Vol. 22, No. 1 (2026) 
 

© Italian e-Learning Association 

supporting intergroup equality after being exposed to 
the target group’s discrimination. 
Overall, perceiving discrimination and group-based 
inequalities may make both advantaged and 
disadvantaged groups more willing to engage in 
collective action for equality and improve their 
attitudes toward the disadvantaged and their advocates. 
Nevertheless, previous research has barely touched 
upon whether and how discrimination by AI would be 
evaluated by both advantaged and disadvantaged group 
members. Although responses to AI discrimination 
may parallel familiar intergroup processes, AI and 
related technologies are treated as novel social entities 
(Gray et al., 2025; Kahn & Shen, 2017), highlighting 
the importance of understanding the unique dynamics 
and consequences of this form of discrimination.  
As AI systems become incorporated into domains that 
influence people’s lives, such as finance, education, 
and job recruitment, concerns about AI discrimination 
have become more relevant than ever. However, since 
AI discrimination is only a recent concern, it is unclear 
whether it triggers the same reactions as human 
discrimination. One reason why AI’s discriminatory 
behaviors may affect intergroup relationships 
differently than humans’ discriminatory behaviors is 
because AI and similar technologies are not attributed 
as much mind (i.e., agentic and experiential 
capabilities) as humans (Gray et al., 2007). Therefore, 
one potential scenario is that people may perceive AI as 
less of a threat because, while AI and similar 
technologies are attributed some moral responsibility 
and intentionality, they are perceived to be less agentic 
compared to humans (Bigman et al., 2019; Floridi & 
Sanders, 2004; Geiselmann et al., 2023; Shank & 
DeSanti, 2018; Shank et al., 2021), overall making their 
discrimination relatively less intentional and thereby 
less threatening compared to human discrimination. 
This assumption also suggests that perceiving AI 
discrimination as less threatening may be also less 
likely to motivate both advantaged and disadvantaged 
group members’ support and willingness to fight on 
behalf of disadvantaged group members’ rights. 
Supporting this suggestion, empirical evidence 
demonstrates that AI’s discriminatory behaviors and 
moral violations are evaluated differently from 
humans’ discriminatory behaviors and moral violations 
(Bigman et al., 2023; Shank & DeSanti, 2018). For 
instance, Bigman and colleagues (2023) compared the 
extent to which participants felt moral outrage (i.e., 
anger or disgust triggered by perceived violations of 
moral values) due to the discriminatory behaviors of 
algorithms and humans in a hiring setting. Across both 
racial and gender contexts, algorithms’ discriminatory 
behaviors evoked less moral outrage in participants, 
and participants attributed less prejudice to the 
algorithm than they did to the human recruiter. Thus, 
even when a person and an AI system engage in the 
same discriminatory behavior, resulting in the same 

negative consequences, the behavior of AI 
discriminators are likely to be dismissed. However, the 
dismissal of AI discriminators may not necessarily 
indicate that their discriminatory behaviors are 
inconsequential since such biases can lead to the 
perpetuation of harmful stereotypes (e.g., Vlasceanu & 
Amodio, 2022) and make discrimination of particular 
disadvantaged groups more normative and legitimate.  
Overall, AI’s biases and discriminatory tendencies may 
lead to awkward, tense, or outrageous situations, 
perpetuating harmful stereotypes. While some work 
compared people’s reactions to discrimination by AI’s 
and humans (Bigman et al., 2023), no research 
investigated whether AI’s discriminatory behaviors 
against disadvantaged groups affect people’s attitudes 
toward the target group and their motivation to engage 
in collective action.  
The current research uses gender inequality in two 
different countries as a context to investigate whether 
reading about AI’s discriminatory behaviors against 
disadvantaged groups (i.e., women) influences people’s 
collective action intentions for the disadvantaged 
group’s equality, and their attitudes toward feminists 
(Study 1) and women (Study 2). Gender inequality is a 
particularly relevant context for examining AI 
discrimination because of its universality and 
commonality (United Nations Development 
Programme, 2023) and the marked gender imbalance 
among AI developers (Wajcman, 2010; Vargas-Solar, 
2022).  
Although gender discrimination is a global issue, 
reactions to gender inequality may vary across cultural 
contexts. Türkiye (Study 1) ranks relatively low on 
global gender equality indices, and gender 
discrimination against women is widely documented as 
structurally embedded in society (Kandiyoti, 2016; 
Özdemir Sarıgil, 2022; UNDP, 2023; World Economic 
Forum, 2024). At the same time, AI systems are 
increasingly integrated into sectors such as education 
and healthcare, and despite slower overall adoption 
compared to other countries, the Turkish population 
shows relatively high levels of AI use and familiarity 
(Eurostat, 2025; Maslej et al., 2025). Given Türkiye’s 
persistent gender inequality alongside growing 
exposure to AI, it offers a relevant context for 
examining reactions to AI-driven gender bias. On the 
other hand, the United States (Study 2) ranks much 
higher in gender equality than Türkiye (World 
Economic Forum, 2025) and is home to several major 
AI research and development companies, including 
OpenAI, Google, and Meta, and AI technologies are 
widely deployed across multiple sectors (e.g., 
McElheran et al., 2024). Nevertheless, many 
documented cases of AI discrimination involve US-
based companies or residents (e.g., Dastin, 2018; U.S. 
Equal Employment Opportunity Commission, 2022), 
providing two unique socio-cultural contexts for the 
investigation of the current research questions. 
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Based on the perceived discrimination literature, we 
expected that, irrespective of the source, perceived 
discrimination is likely to improve attitudes toward the 
target group and motivate both advantaged and 
disadvantaged group members to support women’s 
rights. Considering that both advantaged (Batson et al., 
1997, 2002; Swim & Miller, 1999; Vescio et al., 2003) 
and disadvantaged groups (Becker & Barreto, 2014; 
Dion & Earn, 1975; Osborne & Sibley, 2015; Uluğ et 
al., 2023) are likely to approve egalitarian policies and 
feel more positively about the targeted group and 
targets who confront prejudice, they may also feel 
positively about people who advocate for the 
disadvantaged (i.e., feminists). Therefore, we expected 
that: 
• H1: Compared to participants in the control 

condition, participants in the human and AI 
discrimination conditions would both perceive 
greater threat to women, show more positive 
attitudes toward feminists (Study 1) and women 
(Study 2), and greater motivation to engage in 
collective action supporting women’s rights.  

Based on findings that demonstrate AI and similar 
technologies to be attributed less capacity for 
intentional behavior and prejudice as humans (Bigman 
et al., 2023; Gray et al., 2007; Shank & DeSanti, 2018), 
and since AI’s discrimination evokes less moral outrage 
than humans’ discrimination (Bigman et al., 2023), we 
expected that people would perceive AI discrimination 
as less threatening (harmful) to women than human 
discrimination:  
• H2: Compared to the AI discrimination condition, 

participants in the human discrimination 
condition would perceive greater threat to 
women, show more positive attitudes toward 
feminists (Study 1) and women (Study 2), and 
greater motivation to engage in collective action 
supporting women’s rights. 

2. Study 1 

Study 1 was conducted in Türkiye and examined both 
advantaged (men) and disadvantaged (women) group 
members’ reactions to AI discrimination, compared to 
human discrimination and the control condition.  

2.1 Materials and Method 
2.1.1 Participants and Procedure 
We recruited 350 participants through both 
convenience sampling and a research participation 
system at Sabanci University. A priori power analysis 
with G*Power (Faul et al., 2007) suggested at least 330 
participants to reach 80% power with α = .05 and a 
small effect size (estimated based on Bigman et al., 
2023).  

Six participants who did not identify as men or women 
were removed from all analyses as this study focuses 
on contrasting the advantaged (men) and disadvantaged 
groups (women). As the duration data were heavily 
skewed, we first performed a log10 transformation to 
identify outliers and then removed participants who 
took 3 SDs above average. Seven participants who took 
more than 109 minutes to complete the study were also 
removed from the data. The final sample consisted of 
337 native Turkish-speaking adults (Mage = 33.43, SD = 
14.91, 233 women). Participants reported having an 
average income (M = 4.77, SD = 1.09, ranging from 1 
= Low to 7 = High), being moderately informed about 
AI systems (M = 4.14, SD = 1.60), and having an 
average amount of experience using AI systems (M = 
4.16, SD = 2.05).  
Participants were assigned to one of the three 
conditions: AI discriminator, human discriminator, or 
control condition. In the AI discriminator and human 
discriminator conditions, participants read a fake news 
report about AI systems or humans discriminating 
against women. In the human discriminator condition, 
the source of the discrimination was identified as 
“industry experts”. Participants in the control condition 
read a fake news report on an unrelated topic. After 
reading the news report, participants responded to a 
questionnaire consisting of a manipulation check, 
scales about perceived threats toward women, 
collective action intentions for women’s equal 
treatment, and their attitudes toward feminists, 
demographic questions, and a suspicion check. 
Students recruited through the course credit system 
were awarded course credits for their participation.  
 
2.1.2 Materials 
Fake news report. Fake news reports discussed either 
AI systems’ discriminatory behaviors toward women, 
industry experts’ discriminatory behaviors toward 
women, or an unrelated text about the agriculture 
sector. The reports were created based on examples of 
discrimination available from online sources and 
existing news articles that discuss AI’s discriminatory 
behaviors (Dastin, 2018; Jonker & Rogers, 2024), and 
a team of researchers evaluated the texts to ensure the 
clarity of the writing and the manipulation (see 
Supplementary Materials). 
Manipulation check. Participants rated the extent to 
which they perceived discrimination against women in 
the news report, on a scale of 1 (Strongly Disagree) to 
7 (Strongly Agree). 
Perceived threat toward women. The measure consisted 
of three items (e.g., ‘[Artificial intelligence 
systems/industry experts/the agriculture sector] can 
damage women’s physical, mental, or emotional 
health’), all rated on a scale of 1 (Strongly Disagree) to 
7 (Strongly Agree). AI systems (α = .89), industry 
experts (α = .91), and the agriculture sector (α = .92) all 
demonstrated good reliability. 
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Collective action intentions. Collective action 
intentions for women’s equal treatment were measured 
with three items assessing their willingness to donate, 
attend a protest, and sign a petition for women’s equal 
treatment, on a scale of 1 (Very Unlikely) to 7 (Very 
Likely). The scale was adapted from prior normative 
collective action measures used in the literature (e.g., 
Hoskin et al., 2019), and demonstrated good reliability 
(α = .73).  
Attitudes toward feminists. Attitudes toward feminists 
were measured with 6 bipolar items with a 7-point scale 
(e.g., 1 = Contempt, 7 = Respect) (e.g., Bagci et al., 
2020; Wright et al., 1997), with higher scores indicating 
more positive attitudes (α = .92).  
Demographics. Participants indicated their age, gender, 
ethnicity, economic status, and knowledge about and 
experience with AI systems. 

2.2 Results 
2.2.1 Manipulation Check 
A two-way ANOVA with Condition and Gender as 
predictors resulted in the significant effect of Condition 
(F(2, 331) = 53.05, p < .001, ηp2 = .243). Tukey’s HSD 
tests revealed that participants in the AI discriminator 
condition (M = 5.80, SD = 1.63) perceived 
discrimination against women to be higher than those 
in the control condition (M = 3.70, SD = 2.02; p < .001), 
but did not differ from those in the human discriminator 
condition (M = 6.06, SD = 1.37; p = .468). Moreover, 
Gender significantly influenced discrimination 
perceptions (F(1, 331) = 10.32, p = .001, ηp2 = .030). 
Specifically, female participants (M = 5.48, SD = 1.92) 
perceived more discrimination against women than did 
male participants (M = 4.64, SD = 1.99). No interaction 
effect was found (p = .607). 
 
2.2.2 Main Effects of Condition  
A MANOVA with Condition as the predictor assessed 
whether there are significant differences across 
conditions regarding perceived threat, collective action 
intentions for women’s equal treatment, and attitudes 
toward feminists. Multivariate tests showed that 
Condition had a significant effect (F(6, 666) = 16.78, p 
< .001, ηp2 = .131), and the univariate tests revealed the 
effect of Condition on threat perceptions toward 
women (F(2, 334) = 56.19, p < .001, ηp2 = .252). 
Tukey’s HSD tests showed that perceived threat toward 
women was higher in the human discriminator 
condition (M = 5.56, SD = 1.53) compared to the AI 
discriminator (M = 4.52, SD = 1.54; p < .001) and 
control conditions (M = 3.26, SD = 1.83; p < .001). 
Similarly, perceived threat in the AI discriminator 
condition was significantly higher than control (p < 
.001). Collective action intentions for women’s equal 
treatment (p = .681) and attitudes toward feminists (p = 
.096) did not significantly differ across conditions. 
These findings were replicated across the student 
sample and the community sample.  

2.2.3 Exploratory Analyses 
An exploratory MANOVA tested whether participants’ 
gender predicted perceived threat to women, collective 
action intentions, and attitudes. The multivariate effects 
of Condition (F(6, 660) = 13.07, p < .001, ηp2 = .106) 
and Gender were significant (F(3, 329) = 24.55, p < 
.001, ηp2 = .183), but their interaction was not (p = 
.138). The unique effect of Condition on perceived 
threat toward women remained significant (F(2, 331) = 
41.98, p < .001, ηp2 = .202). Condition did not affect 
collective action intentions (p = .605) nor attitudes 
toward feminists (p = .213).  
Gender significantly and uniquely affected perceived 
threat toward women (F(1, 331) = 10.75 p = .001, ηp2 = 
.031), collective action intentions for women’s equal 
treatment (F(1, 331) = 32.91, p < .001, ηp2 = .090), and 
attitudes toward feminists (F(1, 331) = 57.37, p < .001, 
ηp2 = .148). Female participants perceived significantly 
more threat (M = 4.72, SD = 1.87) than male 
participants (M = 3.95, SD = 1.82). Similarly, female 
participants’ collective action intentions (M = 5.96, SD 

= 1.06) and attitudes toward feminists (M = 5.28, SD = 
1.33) were significantly higher than male participants’ 
collective action intentions (M = 5.14, SD = 1.39) and 
attitudes toward feminists (M = 4.03, SD = 1.45). We 
found no interaction effects (p’s > .100). 
Lastly, two exploratory mediation analyses were 
conducted via the Process Macro (Hayes, 2022; Model 
4) to see whether perceived threat mediated the effect 
of condition (IV) on collective action intentions for 
women’s equal treatment and attitudes toward 
feminists (DV). Indeed, perceived threat mediated the 
effect of condition on collective action intentions for 
women’s equal treatment (B = .10, SE = .04, 95% CI 
[0.02, 0.18]). Moreover, the relative indirect effect of 
the human discriminator condition (B = .22, SE = .11, 
95% CI [0.01, 0.45]) was stronger than that of the AI 
discriminator condition (B = .12, SE = .06, 95% CI 
[0.00, 0.26]), as indicated by the coefficients. Similarly, 
perceived threat mediated the effect of condition on 
attitudes toward feminists (B = .23, SE = .09, 95% CI 
[0.06, 0.43]). Again, the relative indirect effect of the 
human discriminator condition (B = .39, SE = .14, 95% 
CI [0.14, 0.67]) was stronger than that of the AI 
discriminator condition (B = .22, SE = .08, 95% CI 
[0.07, 0.39]), as indicated by the coefficients. 

2.3 Discussion 
The results suggest that, while discrimination by AI and 
humans was perceived as a potential threat to women 
(partial support for H1), AI discrimination was 
perceived as a lower threat compared to human 
discrimination. This finding is in line with existing 
evidence indicating that AI is believed to be less agentic 
(Gray et al., 2007) and evokes less moral outrage and is 
attributed less prejudice (Bigman et al., 2023). Unlike 
our expectations, however, collective action intentions 
or attitudes toward feminists remained unaffected by 
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the news report about discrimination. This finding was 
surprising, as prior research suggests that, in response 
to unequal treatment, both targets and non-targets 
become more willing to engage in collective action for 
disadvantaged groups (Mazzuca et al., 2022; Moscatelli 
et al., 2025), and report more positive attitudes toward 
discriminated groups (Bagci et al., 2017). While we did 
not find significant differences across conditions, we 
found that perceived threat mediated the effect of 
condition on collective action intentions as well as 
attitudes. Although the effect sizes are small, these 
results indicate that threat from human and AI 
discriminators relate to intergroup outcomes. 

3. Study 2 

Study 1 established that AI discrimination yields lower 
threat than human discrimination, yet the conclusion 
should not be drawn based on a single experiment. To 
evaluate the reliability and generalizability of the initial 
results and examine potential cross-cultural variation, 
Study 2 tested participants in the US. As discussed in 
the introduction, Türkiye ranks relatively low in global 
indices of gender equality and AI-related development. 
One possibility is that this context contributed to AI 
being perceived as less threatening to women in Study 
1. The US, on the other hand, ranks higher on these 
dimensions, which may lead individuals to perceive AI 
systems as posing a greater threat to womanhood. 
While largely mirroring Study 1, Study 2 examined not 
only attitudes toward feminists (to replicate findings of 
Study 1) but also the more general group of women. 
The adjustment was made because the lack of attitude 
changes toward feminists in Study 1 might not have 
quite represented the targeted discriminated group 
(women); indeed, feminists have been previously 
associated with negative perceptions representing a 
highly marginalized social group (e.g., Jenen et al., 
2009).  

3.1 Materials and Method 
3.1.1 Participants and Procedure 
A total of 350 participants from the US were recruited 
via Prolific. As in Study 1, the data of participants who 
did not identify as men or women were removed (N = 
8). The final sample included 342 participants (Mage = 
39.71, SD = 12.61, 206 women). Similarly to Study 1, 
participants reported an average economic status (M = 
4.30, SD = 1.35), adequate information about AI 
systems (M = 4.84, SD = 1.51), and average experience 
using AI systems in their daily lives (M = 4.34, SD = 
1.96). The procedure of Study 2 was identical to that of 
Study 1. 
 
3.1.2 Materials 
Fake news reports. Three minor changes were made in 
the Study 1 news reports: an additional example of 

discrimination was included in the AI discriminator and 
human discriminator conditions, the human 
discriminators were changed from industry experts to 
“specialized officials,” and the topic of the news report 
in the control condition was changed to the service 
industry. A team of researchers evaluated the texts to 
ensure clarity and consistency with the material from 
Study 1 (see Supplementary Materials). 
Perceived threat to women. Due to the change in the 
topic of the news report for the control condition, the 
wording ‘agriculture sector’ was changed to ‘service 
industry’ in Study 2. The scales for AI systems (α = 
.92), specialized officials (α = .93), and the agriculture 
sector (α = .95) all demonstrated good reliability. 
Collective action intentions. We added an item 
addressing collective action intentions for women’s 
equal treatment through social media, which was 
adapted from previous research (e.g., Uluğ et al., 2023). 
Participants indicated their intentions to share and like 
social media content related to women’s equal 
treatment (i.e., ‘How likely are you to share and like 
related social media content for women’s equal 
treatment?’), using the same 7-point scale (α = .90). 
Attitudes toward women and feminists. In addition to 
measuring attitudes toward feminists, we used the same 
6 bipolar statements to measure attitudes toward 
women, using a 7-point bipolar scale. Both attitudes 
toward women (α = .94) and feminists (α = .98) 
demonstrated good reliability. 

3.2 Results 
3.2.1 Manipulation Check 
A Condition x Gender ANOVA revealed significant 
differences across the three conditions on the perceived 
discrimination against women (F(2, 336) = 72.79, p < 
.001, ηp2 = .302). Tukey’s HSD tests showed that the 
perceived discrimination against women was stronger 
in the AI discriminator condition (M = 5.24, SD = 1.84) 
than in the control condition (M = 3.11, SD = 1.86, p < 
.001), but not significantly different from the human 
discriminator condition (M = 5.76, SD = 1.44; p = .060). 
Unlike Study 1, no main effect of Gender was observed 
(p = .837). There were no significant interaction effects 
(p = .994). 
 
3.2.2 Main Effects of Condition 
A MANOVA with all dependent variables found the 
multivariate effect of Condition (F(8, 674) = 9.10, p < 
.001, η2 = .097). As in Study 1, the univariate effect of 
Condition on perceived threat to women was significant 
(F(2, 339) = 30.16, p < .001, ηp2 = .151). Tukey’s HSD 
tests showed that the perceived threat toward women 
was stronger in the human discriminator condition than 
in the AI discriminator (p = .036) and control 
conditions (p < .001). Similarly, the AI discriminator 
condition perceived higher threat to women than the 
control condition (p < .001). We found no significant 
effect of Condition on collective action intentions for 
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women’s equal treatment (p = .093), attitudes toward 
feminists (p = .089), and attitudes toward women (p = 
.168).  
 
3.2.3 Exploratory Analyses 
To explore whether gender influenced perceived threat, 
collective action intentions, and attitudes toward 
women and feminists, another MANOVA was 
conducted with Gender and Condition as predictors. 
The multivariate effects of Condition (F(8, 668) = 9.01, 
p < .001, ηp2 = .097), Gender (F(4, 333) = 4.20, p = 
.002, ηp2 = .048), and the interaction was significant 
(F(8, 668) = 2.02, p = .042, ηp2 = .024). Consistent with 
the initial MANOVA, the current analysis revealed a 
significant difference in perceived threat toward 
women across conditions (F(2, 336) = 28.10, p < .001, 
ηp2 = .143). Similarly, the univariate effect of Condition 
on attitudes toward feminists was significant (F(2, 336) 
= 3.38, p = .035, ηp2 = .020). However, Tukey’s HSD 
tests did not reflect this univariate effect, as there were 
no significant differences across the three conditions in 
participants’ attitudes toward feminists (p’s > .090). No 
significant univariate effect of Condition emerged for 
participants’ collective action intentions for women’s 
equal treatment (p = .055), and their attitudes toward 
women (p = .058).  
Gender significantly affected participants’ collective 
action intentions for women’s equal treatment (F(1, 
336) = 13.27, p < .001, ηp2 = .038), and attitudes toward 
feminists (F(1, 336) = 10.11, p = .002, ηp2 = .029). The 
means indicate that collective action intentions for 
women’s equal treatment were higher for female 
participants (M = 5.26, SD = 1.62) than male 
participants (M = 4.55, SD = 1.87), and attitudes toward 
feminists showed the same pattern (MF = 5.29, SDF = 
1.64; M = 4.72, SD = 1.73). Female and male 
participants did not differ in their perceived threat 
toward women (p = .088), and attitudes toward women 
(p = .053). 
Moreover, an interaction between condition and gender 
predicted attitudes toward women (F(2, 336) = 5.59, p 
= .004, ηp2 = .032). To investigate this interaction 
further, we conducted a follow-up univariate ANOVA 
on attitudes toward women. Tukey’s HSD tests 
revealed that male participants in the human 
discriminator condition reported less favorable 
attitudes toward women (M = 5.67, SD = 1.25) than 
male participants in the control condition (M = 6.37, SD 
= .81, p = .006), female participants in the human 
discriminator condition (M = 6.39, SD = .94, p = .002), 
female participants in the AI discriminator condition 
(M = 6.32, SD = .85, p = .005), and female participants 
in the control condition (M = 6.25, SD = 1.19, p = .030). 
However, the difference was not significant between 
male participants in the human discriminator condition 
(M = 5.67, SD = 1.25) and male participants in the AI 
discriminator condition (M = 6.27, SD = .78, p = .061). 
We found no significant interaction effects for 
perceived threat to women (p = .429), collective action 

intentions for women’s equal treatment (p = .209), and 
attitudes toward feminists (p = .056). 
Lastly, we investigated whether perceived threat 
mediated the effect of condition (IV) on collective 
action intentions for women’s equal treatment, attitudes 
toward feminists, and attitudes toward women (DV). 
Unlike Study 1, perceived threat did not mediate the 
effect of condition on collective action intentions for 
women’s equal treatment (B = .10, SE = .06, 95% CI [-
0.02, 0.23]), In contrast, perceived threat mediated the 
effect of condition on attitudes toward feminists (B = 
.19, SE = .06, 95% CI [0.07, 0.31]). The relative indirect 
effect of the human discriminator condition (B = .29, 
SE = .10, 95% CI [0.10, 0.49]) was stronger than that 
of the AI discriminator condition (B = .19, SE = .08, 
95% CI [0.06, 0.37]), as indicated by the coefficients. 
Similarly, perceived threat mediated the effect of 
condition on attitudes toward women (B = .09, SE = .36, 
95% CI [0.01, 0.16]). Again, the relative indirect effect 
of the human discriminator condition (B = .13, SE = .06, 
95% CI [0.03, 0.25]) was stronger than that of the AI 
discriminator condition (B = .09, SE = .04, 95% CI 
[0.02, 0.18]). 

3.3 Discussion 
We replicated some findings from Study 1, but also 
uncovered some unique effects. First, Study 2 partially 
supported H1 and H2, demonstrating that both forms of 
discrimination trigger threats to women but AI 
discrimination was perceived as less threatening than 
human discrimination. These results align with Study 1 
and the prior literature where AI systems were 
perceived as less threatening, presumably due to their 
lack of capacity for voluntary action (Bigman et al., 
2023; Gray et al., 2007; Shank & DeSanti, 2018). Also 
replicating Study 1, no significant differences were 
found in collective action intentions for women’s equal 
treatment and attitudes toward feminists and women 
(H3) in the hypothesized direction. Moreover, an 
exploratory MANOVA revealed a significant 
interaction between gender and condition, 
demonstrating that male participants who read about 
humans’ discriminatory behaviors reported less 
favorable attitudes toward women, compared to male 
participants in the control condition and female 
participants. This pattern was not observed in Study 1 
with Turkish participants and thus may be culturally 
specific, though further investigation is needed. This 
interaction can be explained by prior research 
demonstrating the advantaged group’s willingness to 
oppose equality movements to ‘protect’ their privileges 
(e.g., Guvensoy et al., 2025; Van Laar et al., 2024). 
Lastly, in contrast to Study 1, the mediating effect of 
perceived threat emerged for attitudes but not for 
collective action intentions. 
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4. Discussion and Conclusions 

The current studies examined whether and how 
discrimination by AI affects perceived threat toward the 
targeted group (women), attitudes toward the targeted 
and advocate groups (women and feminists), and 
collective action intentions for the targeted group. In 
two studies conducted in Türkiye and the US, we 
compared participants’ responses to AI discrimination, 
human discrimination, and no discrimination. We 
hypothesized that, irrespective of the source, being 
exposed to gender discrimination would lead to 
increases in perceived threat to women, attitudes 
toward women and feminists, and motivation to engage 
in collective action for gender equality. We also 
expected that those reactions would be dampened when 
AI is the discriminator, given that AI is generally 
attributed less intention and agency, compared to 
humans (e.g., Bigman et al., 2023; Gray et al., 2007). 
Although attitudes and collective action intention 
remained unaffected, both discrimination conditions 
resulted in greater perceived threat to women, and 
discrimination was seen less threatening and harming 
when sourced by AI than humans.  
These findings offer important implications regarding 
the potential risks of integrating AI into human life. 
While many recognize the benefits of AI for societal 
progress, its role in challenging – or reinforcing – 
existing hierarchical social structures has not received 
sufficient attention. Our studies demonstrated that 
discrimination was not seen as harmful when done by 
AI. Since discrimination by AI is not perceived as 
threatening as discrimination by humans, people may 
overlook the effects of its biased behaviors. In turn, AI 
systems may amplify existing unequal treatment of 
disadvantaged groups, and perhaps more critically, 
with such harmful outcomes insufficiently addressed, 
AI can normalize and further perpetuate social 
inequalities with limited accountability. Thus, it is 
critical for AI developers and policy makers to carefully 
consider the potential long-term risks of AI-driven 
discrimination. 
On the other hand, collective action intentions for 
women’s equal treatment and attitudes toward 
feminists and women did not differ across the three 
conditions. The findings may appear surprising because 
previous studies found reading about discrimination to 
result in positive intergroup outcomes (e.g., Bagci et al., 
2017; Uluğ et al., 2023). Importantly, however, 
research also offers a more nuanced picture and shows 
that merely recognizing discrimination does not 
necessarily entail collective action intentions (Reimer 
et al., 2017), with recognition of one’s privileges posing 
larger effects on willingness to act (e.g., Uluğ & Tropp, 
2021). Research also highlights moral convictions and 
emotional reactions, like anger and sympathy, as key 
motivators of collective action in both advantaged (Iyer 
& Ryan, 2009; Van Zomeren et al., 2011) and 

disadvantaged groups (Iyer & Ryan, 2009; Van 
Zomeren et al., 2008, 2012) Likewise, perceived 
efficacy (i.e., the extent to which people believe in the 
impact of their actions) is another key motivator of 
collective actions (e.g., Van Zomeren et al., 2008). 
Taken together, we speculate that the specific scenario 
employed in the current work might not have been 
sufficient in eliciting emotional arousal or a sense of 
efficacy necessary to inspire action.  
Notably, American male participants in the human 
discriminator condition reported less favorable 
attitudes toward women than male participants in the 
control condition and female participants. Research 
reports that advantaged groups show disinterest in 
collective action and support for the disadvantaged due 
to their zero-sum beliefs about equality (e.g., Van Laar 
et al. 2024). Closely imitating real-life circumstances, 
the human discriminator condition might have 
highlighted the differential treatment of men and 
women, leading enough male participants to show their 
willingness to maintain the favorable status quo. This 
pattern, however, was not observed in Türkiye. One 
speculative yet plausible account is that, compared to 
American men, Turkish men are less concerned about 
losing their privileges because the patriarchal system is 
perceived as rather stable (e.g., Bacchini et al., 2024).  
Lastly, in both studies, male participants were in 
general less willing to engage in collective action for 
women’s equal treatment and reported less favorable 
attitudes toward feminists. This gender difference 
aligns with existing findings in the literature that show 
women to be more motivated to defend their equality 
and feel more positively about feminists (e.g., Iyer & 
Ryan, 2009; Lemaster et al., 2015). While there were 
further differences across the two contexts in terms of 
how men and women responded to discrimination in 
general, these findings did not specifically relate to AI 
discrimination, therefore revealing that responses to AI 
discrimination were not substantially different across 
group status and country. 

4.1 Limitations and Future Directions 
Although the current studies offer unique contributions 
to literature by showing the potential effects of novel 
technologies on people’s intergroup dynamics, its 
limitations must be acknowledged. First, although 
commonly used in research, self-report measures are 
susceptible to social desirability biases and thus might 
not have fully captured participants’ genuine responses. 
For example, some participants may have felt 
uncomfortable reporting no intention to support 
women, especially during a time when femicides were 
being heavily discussed (Study 1). Participants may 
have reported stronger intentions to engage in 
collective action and positive attitudes than they 
actually intend or feel. Further research might be 
needed to use more implicit, as well as more behavioral 
measures to assess the outcome variables. 
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Another limitation concerns our limited understanding 
of why discrimination by AI versus humans resulted in 
different levels of threats toward women. AI is typically 
attributed less intention and agency than humans (e.g., 
Gray et al., 2007), but the present work did not directly 
test the mechanisms through which evaluations of 
human and AI perpetrators diverge. An alternative 
explanation, for example, is that AI discrimination was 
seen less consequential because it is assumed to be less 
prevalent than human discrimination. Further research 
is needed to scrutinize why AI discrimination was seen 
differently than human discrimination. 
Finally, the political environment in Türkiye and the 
United States during data collection may have 
increased participants’ baseline levels of collective 
action intentions. A month before the launch of Study 
1, recent femicides were being addressed in Turkish 
media (Poyrazlar, 2024; We Will Stop Femicides 
Platform, 2024). Similarly, before the launch of Study 
2, issues related to women’s reproductive rights, 
including bans on women’s emergency abortion access 
(Kruesi & Ungar, 2025; Lee, 2025), withholding 
payment for women’s travel for abortion in the military 
(Kube, 2025) and defunding planned parenthood 
programs in multiple states (Chettiar, 2025; Ollstein, 
2025) gathered attention. Some of this news, in addition 
to the unrest regarding the current government, 
increased public backlash, and led people to collective 
action for similar purposes (Deliso, 2025; King et al., 
2025; Taylor, 2025). If participants were more prone to 
support collective action for gender equality at the time 
of the studies, the direct effects of discrimination on 
collective action intentions might have been less 
pronounced. Future research could replicate these 
studies in a less politically active climate or use 
different methods to manipulate discrimination, such as 
a simulated interaction between participants, an AI 
system, and a disadvantaged group member (i.e., 
target).  
Overall, AI systems can reproduce biased and 
discriminatory outcomes that reinforce existing 
inequalities affecting disadvantaged groups. In this 
study, AI discriminators were perceived as less 
threatening than their human counterparts, yet neither 
increased collective action intentions nor improved 
attitudes toward the targeted group. These findings 
suggest that perceptions of discrimination may be 
obscured when harmful decisions are attributed to AI. 
Moreover, even when discrimination is recognized, 
awareness of discrimination alone is insufficient to 
mobilize support for social change. Further research is 
needed to examine how AI systems and their diverse 
forms of unfair treatment shape individual attitudes, 
behaviors, and social inequalities over the long term, 
and how society as a whole can promote awareness and 
effectively address these issues. Such work is crucial 
for understanding the cumulative societal consequences 
of discrimination in the age of AI and for informing 
ethical, regulatory, and policy responses. 
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